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Los DATOS son el petréleo...

... pero si no se tratan
NO SIRVEN



LEGISLACION

- LEY 26.899 (2013)

Creacion de Repositorios Digitales Institucionales de
Acceso Abierto, Propios o Compartidos

 DECRETO 117 (2016)
Plan de Apertura de Datos

* 13 PROYECTOS de Ley AIP en el Senado (2016)
Acceso a la Informacion Publica




LEY 26.899 (2013)
* Datos Primarios (data set)
* Plan de Gestion de Datos (DMP)
* Deposito “data set” en Repositorio de Datos
e Fecha: Diciembre de 2018

DECRETO 117 (2016)

* Datos Publicos (organigramas del Ejecutivo;
declaraciones juradas de funcionarios; personal
contratado; escalafones y escalas salariales;
contrataciones publicas; y las solicitudes de AlP).

* Relanzamiento del “Portal Nacional de Datos Publicos”

* Fecha: 11 de Julio de 2016
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CICLO de VIDA de los DATOS

Disefio y planificacidon de la creacién/extraccidon de datos
Creacion/Extraccion de Datos

Limpieza, Normalizacion y Descripcion de Datos
Almacenamiento y Preservacion de Datos

Exploracion, Explotacion y Visualizacion de Datos

DataMining & Knowledge Discovery




CICLO de VIDA de los DATOS

Further
Information
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Your subject librarian... partner in research
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COMPETENCIAS y HABILIDADES

DATA SCIENCE SKILLSET

Data science, due to its interdisciplinary nature, requires an
intersection of abilities: hacking skills, math and statistics

Dangef zone! knowledge, and substantive expertise in a field of science.

Hacking skills are necessary for working with massive amounts of
electronic data that must be acquired, cleaned, and manipulated.

Substantive
: Expertise

Math and statistics knowledge allows a data scientist to choose
appropriate methods and tools in order to extract insight from data.

Sy

Substantive expertise in a scientific field is crucial for generating
motivating questions and hypotheses and interpreting results.

Traditional research lies at the intersection of knowledge of math
and statistics with substantive expertise in a scientific field.

Traditional
Research

Machine

: Machine learning stems from combining hacking skills with math
Learning

and statistics knowledge, but does not require scientific motivation.

Math and Statistics

Knowledge Danger zone! Hacking skills combined with substantive scientific

expertise without rigorous methods can beget incorrect analyses.
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COMPETENCIAS y HABILIDADES
CORE SKILLS FOR DATA MANAGEMENT

A follow-up from the second DCC Research Data Management Forum (November 2008)

\

Data Legislation
Risk / Disaster (rights, IPR, DP, etc)
Management,

Contingency

DATA MANAGER

Conditions of
Use

Value of Data,
-
Negotiation
Skills

DATA LIBRARIAN

Coordination of

Data Security,
Access,
Authentication

Preservation

Complaints and
Expectation
Management

Practice across

Institution

Awareness

Data Appraisal
and Retention

Advocacy, Promoti
Marketing, Raising

)

Monitoring
Processes

DATA CREATOR

Documentation
(research,
environmental,
temporal) Context

Metadata

Data Modelling

From Information
Management to
Knowledge Management

Standards
Development

Extracting

Information from
Data Models (and
People)

Merging, Mash-
ups, Integration

Data Analysis and
Manipulation



ACTORES INVOLUCRADOS

Table 2: Roles and Responsibilities

Roles & Responsibilities

Data producer/owner (principal investigator) & end user. Responsible for data
management plans, for making data open (depositing, data management, choice
of software), reuse, retention and relegation

Works in close collaboration with scientists to collect, exploit and analyse, reuse data,
part of the research team. Technology watch. Has responsibility for making decisions
about the data, most importantly ‘post project’, e.g. access, queries, retention

Support for data management & discovery:

curation, preservation, data publishing and archiving and access to data resourc-
es. Guidance on finding and assessing data, IP, open access licensing, data cita-
tion, data management plans. Technology watch

Policy development and communication, awareness raising, enforcement, educa-
tion, cutural change

Storage, curation, interoperability. Technology watch

Software, storage, authentication/access, training, support. IT Services can help
identify technologies needed by researchers to maximise the value of their re-
search; they can also give advice on how to structure data. Technology watch

Lyon, L., 2007. Dealing with Data: Roles, Rights, Responsibilities and Relationships. Consultancy Report. UKOLN. Retrieved at http://opus.bath.ac.uk/412/




BIBLIOTECARIOS DE DATOS: Es un término ad-hoc. En

esencia, es la aplicacion de los principios y las practicas
tradicionales de los bibliotecarios a los recursos de datos.

El perfil del bibliotecario de datos requiere:
« Competencias informaticas
 Conocimiento de la disciplina (corpus, practicas de
investigacion y flujos de trabajo)
 Gestion de datos:
J adquisiciéon (desarrollo de la coleccion),
J organizacion (catalogacion y metadatos),
J preservacién y conservacion a largo plazo
J implementacién de servicios adecuados para los
usuarios.



OPORTUNIDADES

Afianzar y/o Ampliar nuestros horizontes profesionales

Empoderar al investigador, a las instituciones, al ciudadano y
a nosotros mismos

Contribuir a avance de la ciencia

Contribuir a cumplir la ley a nuestros usuarios e instituciones




por lo que te
van a pagar

% usted esta aqui.
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MUCHAS GRACIAS!!!
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